AR EGRNEEMR S LI

FHARF I R 5123709279
WFHIF: BFREEERLR IAFE XKk

=

NI ASEI A P A i e NS A 75 A7 AR R LA B AR « B L BRI 2 B
NI ASIZ BT iy — 171 52 B AL AT 7 PR . 1o A AL T A5 P FJ7 ik tBoR 2

FEARSCH, FATTH T T T PR IS D B35 o JEk €2 N MK R — A2 3R AIE, A1 YCrCh
gt ), FATSEIL 7R X I BRI PRI UR L 22 ST 1) — A 32, BATTRE 17—
ANPIENZREL P RIBCE, LSS R A -

PAME IR o BN B D3RS S 7%, JRAE Caltech S8R EEREATSC08 . FAT MY
PR T P RR SRR I, SR PR T ) DASCEE AT
KRR NG, reasy®l, BRUHE R4

ABSTRACT

Face detection is the process of determining whether faces exist in an image and locating all
existing faces. With the wide spread of electronic technology, face detection has become a hot topic.
Also, more methods are designed in face detection.

In our research, we focus on two face detection algorithms. Skin color is one significant feature
of human face. By transforming into YCrCb color space, we can do the color skin segmentation.
Convolutional neural network is a branch of deep learning. We design a CNN and train its weight
with some training samples to get the final network for detection.

We combine the skin color segmentation and window scan together. We experiment on the
Caltech picture database and some other pictures. We find some problems and discuss probable
improvement.
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